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Integrative analysis of immune gene features and 
radiotherapy sensitivity in rectal cancer 

INTRODUCTION 

Colorectal cancer (CRC) ranks among the leading 
malignancies in terms of incidence and mortality, 
imposing a significant economic and public health 
burden (1). A study projected that in 2024, rectal 
cancer would constitute 30.25% (n=46,220) of the 
152,810 new invasive colorectal cancer (CRC) cases 
in the United States (2). Approximately 70%-75% of 
rectal cancer patients are diagnosed with mid-low 
rectal cancer, which predominantly affect the rectal 
wall and mesentery below the peritoneal reflection 
(3). Early clinical manifestations of rectal cancer are 
often atypical. As the disease progresses, patients 
may experience changes in bowel habits, rectal 
bleeding, mucus discharge, intestinal obstruction, and 
weight loss, all of which are associated with a poor 
prognosis (4). Identifying effective treatment 
strategies for rectal cancer is crucial for improving 
patients' quality of life, and reducing the individual 
and societal burden of the disease. 

Current treatment modalities for rectal cancer 
mainly include surgery, chemotherapy, radiotherapy 
(RT), immunotherapy, and targeted therapy (5). 
Patients with rectal cancer who face challenges in 
preserving the anus or strongly wish to do so are 
advised to consider local excision (LE) followed by a 
wait-and-see approach (6). With total mesorectal 
excision (TME) becoming the standard procedure for 
low and intermediate rectal cancer, surgical radicality 
has been effectively improved, and patients with 
rectal cancer have achieved significant improvement 
in survival and local recurrence rates (7, 8). Challenges 
like limited visual field during low rectal cancer 
surgeries and instrument interference due to 
restricted operating space elevate the risk of surgical 
complications (9, 10). Meanwhile, the colostomy 
performed by the patient after surgery will change 
the patient's defecation pathway, making it difficult 
for the patients to control the frequency and duration 
of defecation, which seriously affects the quality of 
life (11). Chemotherapy is the primary treatment for 
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ABSTRACT 

Background: To investigate the correlation between immune gene expression 
patterns and radiotherapy (RT) response, aiming to identify novel biomarkers for 
personalized rectal cancer treatment. Materials and Methods: Data from rectal 
cancer patients were clustered into two subgroups based on immune gene expression. 
Differentially expressed genes (DEGs) between subgroups were identified by using the 
limma package, and survival analysis was conducted with the Kaplan-Meier (KM) 
method. ClusterProfiler was used to conduct GO and KEGG pathway enrichment 
analyses on the DEGs. Protein-protein interaction (PPI) networks were utilized to 
pinpoint key modules or hub genes through interaction scores. In the TCGA rectal 
cancer dataset, 165 samples were divided into high (n=39) and low (n=126) immune 
gene expression groups based on the expression of 1,959 immune-related genes. 
Results: Between the two groups, 775 DEGs were up-regulated and 35 were down-
regulated. Analysis of the GSE35452 dataset revealed 308 up-regulated and 209 down-
regulated DEGs between the RT-responsive group (n=24) and the non-responsive 
group (n=22). PPI analysis showed that PLA2G2A and PLA2G4A exhibited the highest 
interaction score (value = 0.918). Conclusion: Through gene enrichment and PPI 
network analysis, potential core targets PLA2G2A and PLA2G4A were identified, 
providing new biomarkers for personalized treatment in rectal cancer.  
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intermediate and advanced rectal cancer. However, 
drug resistance and low sensitivity in most patients 
elevate the risk of treatment failure and tumor 
progression (12). RT can accurately locate the lesions 
through three-dimensional conformal therapy, which 
is more suitable for patients with rectal cancer with 
complex anatomical locations (13). However, some 
groups of rectal cancer may modulate resistance to 
RT through mechanisms of apoptosis, autophagy, cell 
cycle and DNA damage repair (14). Targeted therapy 
against specific molecular markers and 
immunotherapy using the immune system to attack 
cancer cells provide more treatment options for 
patients with rectal cancer (15). Research has focused 
on identifying  populations suitable for 
immunotherapy, as programmed death receptor 1 
(PD-1) / programmed death ligand 1 (PD-L1) 
inhibitors have demonstrated promising responses in 
patients with different mismatch repair (dMMR) / 
microsatellite instability-high (MSI-H) genotype 
rectal cancer (16). 

Combined RT and immunotherapy have 
demonstrated clinical benefits in the treatment of 
rectal cancer patients (17-19). As our understanding of 
the tumor immune microenvironment deepens, 
research indicates that the expression patterns of 
immune genes may significantly influence the efficacy 
of both RT and immunotherapy. The novelty of this 
study lies in the first integration of immune gene 
expression patterns and RT response data to 
systematically explore their interrelationships and 
reveal the potential roles of immune genes in rectal 
cancer RT sensitivity. This study analyzed The Cancer 
Genome Atlas (TCGA) rectal cancer dataset and the 
GSE35452 dataset, identifying key genes linked to 
immune response and radiotherapy sensitivity, and 
discovering new core target factors, PLA2G2A and 
PLA2G4A, through gene enrichment and PPI network 
analysis. These findings introduce a novel biomarker 
for personalized rectal cancer treatment, particularly 
in the context of combining immunotherapy with 
radiotherapy. 

 
 

MATERIALS AND METHODS  
 

TCGA rectal cancer clustering analysis 
Rectal cancer tumor sample data and associated 

clinical information were obtained from the                   
TCGA database (https://portal.gdc.cancer.gov). We 
extracted gene expression data in Transcripts Per 
Million (TPM) format and performed log2(TPM + 1) 
normalization (20). Samples with complete RNAseq 
data and clinical information were included in 
subsequent analyses. A consensus clustering analysis 
was performed on rectal cancer samples using the 
expression data of 1,959 immune genes. The analysis 
involved a maximum of six clusters, with 100 
iterations and random sampling of 80% of the 

946 

samples for each iteration. The clustering analysis 
was performed using the ConsensusClusterPlus 
package (21). The clustering algorithm selected was 
clustering = "hc," with innerlinkage = "ward.D2" to 
optimize the clustering results. 

 

TCGA rectal cancer differential gene analysis 
We utilized the limma package in R to analyze 

differential mRNA expression (22). We analyzed 
adjusted P-values in the TCGA and GTEx datasets to 
correct for false positives. Differentially expressed 
mRNAs were identified using thresholds of an 
adjusted P-value <0.05 and log2(fold change) > 2 or < 
-2. Clustering heat maps of gene expression were 
created with the pheatmap package (https://CRAN.R-
project.org/package=pheatmap) (23). In the heatmap 
analysis, we first filtered for genes with a variance 
greater than 0.1. If the number of target genes 
exceeded 1,000, we ranked them by expression 
variance and selected only the top 25% of genes with 
the highest variance for further display. All statistical 
analyses were conducted using R (R software, version 
4.0.3, USA). A P-value below 0.05 was deemed 
statistically significant. 

 

TCGA rectal cancer subgroup survival analysis 
We conducted a Kaplan-Meier survival curve 

analysis to evaluate the association between immune 
gene expression patterns and both overall survival 
(OS) and progression-free survival (PFS) in rectal 
cancer patients (24). Survival differences between 
groups were compared using the log-rank test, with 
statistical significance determined by P-values <0.05. 
Hazard ratios (HR) and 95% confidence intervals (CI) 
were used in the survival curve analysis to assess the 
relative survival risk differences between groups. The 
median survival time (median time) was used to 
describe the survival time when the survival rate was 
50%, expressed in years. Analyses were performed 
using the survival and survminer packages in R (25), 
considering P-values below 0.05 as statistically 
significant. 

 

Gene expression Omnibus databas (GEO) rectal 
cancer dataset selection 

We downloaded data in MINiML format from the 
GEO database. For datasets that had not undergone 
normalization, we applied log2 transformation.                 
For datasets lacking standardization, we                      
applied               the normalize.quantiles function            
from the preprocessCore package (http://
www.bioconductor.org/packages/3.0/bioc/html/
preprocessCore.html) to achieve data normalization. 
We utilized platform annotation data to convert 
probe IDs into gene symbols, excluded probes linked 
to multiple genes, and averaged values for genes 
represented by multiple probes. We removed batch 
effects using the removeBatchEffect function from the 
limma package in R (R software,version 4.0.3, USA) . 
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All patients underwent standardized curative 
resection after a 4-week interval following 
chemoradiotherapy, which included a total radiation 
dose of 50.4 Gy, UFT (300-500 mg/day), and LV (75 
mg/day). 

 

GEO rectal cancer differential genes in RT 
response/non-response 

We utilized the limma package in R (R 
software,version 4.0.3, USA) to explore differential 
mRNA expression. We analyzed adjusted P-values to 
correct for false positives. Differentially expressed 
mRNAs were identified using thresholds of an 
adjusted P-value less than 0.05 and a log2(fold 
change) greater than 1.3 or less than -1.3. 

 

Key and Hub gene identification 
We utilized the Venn online tool (https://

www.anychart.com/zh/products/anychart/gallery/
Venn_Diagram/) for intersection analysis of 
differentially expressed genes and identified key 
genes via the STRING database (https://cn.string-
db.org/). 

 
 

RESULTS 
 

Dataset 
The final TCGA colorectal cancer dataset included 

165 samples that met our analytical criteria. The 
rectal cancer patient RT dataset, GSE35452, was 
incorporated into the analysis, which was based on 
the GPL570 platform and comprised 46 samples. 

 

TCGA subgroup clustering 
The disparity between groups was more 

pronounced when the data were clustered into 2 
categories according to the 1959 immunity genes. 
Figure 1A presented the cumulative distribution 
function (CDF) curve alongside the CDF Delta area 
curve. In consistent clustering, the Delta area curve 
depicted the variation in the area under the CDF 
curve for each category number k compared to k-1. 
The x-axis represents the category number k, and the 
y-axis shows the relative change in the area under the 
CDF curve. At K=2, we observed the heatmap of the 
ConsensusClusterPlus clustering results (figure 1B) 
and the principal component analysis (PCA) plot 
(figure 1C), where both rows and columns 
represented samples, and different colors signified 
different categories, showcasing significant gene 
expression differences between the two groups. We 
also included a heatmap illustrating immune-related 
gene expression across various subgroups (figure 
1D), with red representing high expression levels and 
blue indicating low expression levels. 

 

Survival analysis and differential gene expression 
in TCGA subgroups 

Survival analysis indicated no significant 

difference in OS between high and low immune gene 
expression groups in rectal cancer (HR=1.283, 95% 
CI=0.501-3.289, P=0.604) (figure 2A). The median OS 
for the low expression group was 4.6 years, with a 
50% survival rate. PFS showed no significant 
difference between the groups (HR=0.747, 95% 
CI=0.327-1.706, P=0.488), with the low expression 
group having a median PFS of 6.5 years (figure 2B). 
The numbers listed in the table below the figures 
represent the number of patients still under 
observation at specific time points. The cumulative 
probability curve in the upper right corner typically 
displays time on the x-axis and the cumulative risk of 
adverse prognostic events on the y-axis. The shape 
and position of the curve indicate the magnitude and 
distribution of disease progression risk. Differential 
gene expression analysis between the high (n=39) 
and low (n=126) expression groups revealed 775 
upregulated and 35 downregulated genes (figure 2B). 

 

Differential genes in response/non-response to RT 
in GEO 

The GSE35452 dataset included RT responders 
(n=24) and non-responders (n=22). The analysis of 
DEGs revealed 308 upregulated and 209 
downregulated genes between the two groups (figure 
3A). A heatmap of the DEGs between the groups was 
presented in figure 3B. The GO analysis of molecular 
function (MF) identified 1,094 enriched pathways, 
with key pathways including gated channels, 
neurotransmitter receptors, and actin binding. The 
biological process (BP) analysis revealed 4,932 

947 Gao et al. / Radiotherapy and immunotherapy Hub gene in rectal cancer 

Figure 1. Immune gene clustering and expression analysis. (A) 
Cumulative Distribution Function (CDF) and CDF Delta area 

curves; (B) Clustering outcomes for K=2; (C) PCA plot showing 
clustering results; (D) Heatmap of immune-related gene          

expression among subgroups. 
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enriched pathways, highlighting major pathways 
such as regulation of hormone levels, chemical 
synaptic transmission, and cellular responses to 
organonitrogen compounds. The cellular component 
(CC) analysis identified 580 enriched pathways, 
focusing on presynapses, monoatomic ion channel 
complexes, and the apical part of the cell. KEGG 
pathway enrichment analysis identified 272 
pathways, highlighting neuroactive ligand-receptor 
interactions, steroid hormone biosynthesis, and 
GABAergic synapses as key pathways. 

Identification of intersection and Hub genes 
The Venn online database indicated that there 

were 15 intersecting genes between TCGA and GEO 
(figure 4), including CD163L1, FRMD3, PLA2G4A, 
MYOF, PLA2G2A, RARRES1, PTGER2, SPON1, SCG2, 
PDGFRA, CXCL11, OGFRL1, ADAMTS12, FLNA, and 
LRRC15. The string interaction results showed that 
PLA2G2A and PLA2G4A exhibited the highest 
interaction score (value=0.918). 

 

 

DISCUSSION 
 

In recent years, the combination of RT and 
immunotherapy has shown promising prospects in 
the treatment of various cancers, especially in rectal 
cancer (26). Apart from directly killing tumor cells, 
previous studies have demonstrated that RT can 
effectively modulate and reprogram the tumor 
microenvironment, promoting the transition from an 
immunosuppressive phenotype to an immune-
stimulatory phenotype. This, in turn, triggers the 
recruitment and activation of immune cells, leading to 
immunogenic cell death and enhancing the efficacy of 
immunotherapy (27). Our results suggest that 
PLA2G2A and PLA2G4A could serve as core targets 
for RT combined with immunotherapy in rectal 
cancer patients, offering new insights for RT-
immunotherapy strategies. 

In recent years, more researchers have been 
exploring the efficacy of RT combined with 
immunotherapy, aiming to enhance the sensitivity of 
radiotherapy and provide a solid foundation for the 
application of immune checkpoint inhibitors (28). This 
could be related to the following mechanisms. RT 
enhances T cell proliferation and activation, and 
induces dendritic cell maturation, improving their 
function as antigen-presenting cells (29, 30). Conversely, 
RT promotes antigen release, aiding the targeted 
migration and infiltration of T cells into tumors (31). 
RT enhances tumor cell sensitivity to CD8+ T cell-
mediated cytotoxicity. RT activates the cGAS-STING 
pathway, promoting the expression of type I 
interferons, which further initiates and sustains T cell

948 

Figure 4. Intersecting genes between TCGA and GEO and their 
protein-protein interactions. (A) Venn results; (B) Differential 

gene expression analysis between the high (n=39) and low 

Int. J. Radiat. Res., Vol. 23 No. 4, October 2025 

Figure 2. Survival analysis and differential gene expression of 
immune genes in colorectal cancer. (A) KM survival curve for 
OS between the high and low expression groups of immune 

genes; (B) KM survival curve for PFS between the high and low 
expression groups. 

Figure 3. Differential gene expression and pathway                 
enrichment analysis in RT responders and non-responders. (A) 

Analysis of differential gene expression between RT                   
responders (n=24) and non-responders (n=22); (B) Heatmap 

illustrating gene expression differences between these groups. 
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-mediated adaptive immune responses, leading to 
tumor cell cycle arrest and immunogenic cell death, 
thus enhancing the effect of RT (32). Therefore, RT 
combined with immunotherapy significantly 
strengthens immune responses, and the synergistic 
effect of both can greatly improve tumor treatment 
outcomes. 

PLA2G2A, a marker of tumor-associated 
fibroblasts (TAFs), has been shown to promote tumor 
immune escape by inhibiting the antitumor immune 
response of CD8+ cytotoxic T cells (33). Research by Li 
et al. demonstrated that PLA2G2A is associated with 
shorter OS in rectal cancer patients (34), a finding 
confirmed by other studies (35, 36). He et al. 
Immunohistochemical analysis of pathological 
specimens from 172 rectal cancer patients revealed 
that PLA2G2A is linked to both survival outcomes 
and poor treatment response in those undergoing 
chemoradiotherapy (37). However, no study has 
directly investigated the impact of PLA2G2A on 
survival and efficacy in rectal cancer patients 
undergoing RT combined with immunotherapy. Our 
findings indicate that PLA2G2A is one of the core 
targets for RT combined with immunotherapy in 
rectal cancer patients, which may provide new 
therapeutic insights for clinical treatment. We believe 
this could be related to the high expression of 
PLA2G2A during RT, which interferes with the 
activation of the cGAS-STING immune pathway, 
thereby weakening the radiotherapy effect (38). The 
mechanism of this combination therapy may involve 
immunogenic cell death and remodeling of the tumor 
microenvironment induced by RT (39). Targeting 
PLA2G2A could enhance immune cell recognition and 
attack of tumor cells, thereby improving patient 
survival (40). 

PLA2G4A is a crucial enzyme in lipid metabolism, 
significantly influencing cell signaling, immune 
responses, and inflammation (41). PLA2G4A is a key 
enzyme in the synthesis of various cytokines and 
prostaglandins, converting them into bioactive 
molecules such as prostaglandins and leukotrienes 
through the cyclooxygenase (COX) or 5-lipoxygenase 
(5-LOX) pathways, thereby regulating immune and 
inflammatory responses (42). In the tumor 
microenvironment, PLA2G4A regulates inflammatory 
responses, possibly by altering the function of 
immune cells, promoting immune escape, and 
consequently enhancing tumor growth and 
metastasis (43). Several studies have shown that the 
expression of PLA2G4A is significantly elevated in 
rectal cancer tumor tissues compared to normal 
tissues, and high expression of PLA2G4A is associated 
with tumor invasiveness and poor prognosis (44, 45). 
Suppressing PLA2G4A expression using siRNA or 
specific inhibitors significantly reduces rectal cancer 
cell proliferation, migration, and invasion. Some 
studies have also suggested that inhibiting PLA2G4A 
activity may enhance the effects of RT (46- 48). No 

research has examined the link between PLA2G4A 
expression and prognosis in rectal cancer patients 
receiving combined radiotherapy and 
immunotherapy. The study indicates that targeting 
PLA2G4A and PLA2G2A could be crucial for 
enhancing the efficacy of radiotherapy combined 
with immunotherapy in rectal cancer patients, 
offering significant insights for clinical drug and 
treatment selection. 

This study has some limitations. First, although 
the sample size in the dataset is relatively large, the 
sample size in specific subgroups of patients may be 
small, which could affect the statistical power of the 
analysis. Second, although we identified potential 
associations between immune genes and RT 
response through intersection gene analysis, the 
specific biological functions and clinical applications 
of these genes still require further experimental 
validation. Despite providing new insights into the 
potential role of immune genes in RT response in 
rectal cancer, questions regarding RT dose, 
fractionation, and the duration of combination with 
immune checkpoint inhibitors (ICIs) remain to be 
addressed in future multicenter, large-sample, 
randomized controlled studies. 

 
 

CONCLUSION 
 

We identified that PLA2G2A and PLA2G4A may 
play significant roles in the immune 
microenvironment and RT responses in rectal cancer, 
offering potential biomarkers for exploring precise 
treatments. As the mechanisms underlying the 
improved prognosis of rectal cancer patients 
undergoing RT combined with ICIs are further 
investigated, and as new biological markers beyond 
MSI-H/dMMR emerge, the prospects for the 
application of RT combined with immunotherapy in 
rectal cancer appear promising. 

 

Acknowledgment: We sincerely thank all 
contributors and supporters of this research. First 
and foremost, we would like to thank KeJie Chen and 
ChengLong Liao for their guidance, insightful 
feedback, and constant encouragement throughout 
the study. The expertise and support were invaluable 
in shaping this project. We also extend our 
appreciation to TCGA and GSE35452 dataset 
providers (Watanabe T, Kobunai T, Hashimoto E) for 
making their datasets available to us. Without these 
resources, this study would not have been 
possible .resources, this study would not have been 
possible. 
Conflicts of Interest: All authors unanimously 
declare that there is no conflict of interest in this 
study. 
Funding: This study was supported by no funding. 
Ethical consideration: Not applicable. 

949 Gao et al. / Radiotherapy and immunotherapy Hub gene in rectal cancer 

 [
 D

O
I:

 1
0.

61
18

6/
ijr

r.
23

.4
.1

6 
] 

 [
 D

ow
nl

oa
de

d 
fr

om
 m

ai
l.i

jr
r.

co
m

 o
n 

20
26

-0
4-

28
 ]

 

                               5 / 8

http://dx.doi.org/10.61186/ijrr.23.4.16
https://mail.ijrr.com/article-1-6778-en.html


Author contribution: J.G. and H-C.L. were the co-first 
authors of this study, and both participated in the 
design of the study, data analysis, interpretation of 
the results, and writing of the paper. Z-J.R. was 
responsible for data collection and preliminary 
analysis, and assisted in the literature review. J.L. 
provided technical support for the data analysis part 
and provided important inputs on the presentation of 
the results. T-T.Y. and K-L.L. assisted in data 
organization and graph production. K-J.C. provided 
guidance during the study design and data analysis, 
and participated in the discussion of the results. C-
L.L., as the corresponding author, was responsible for 
planning the overall research direction, supervising 
the data analysis, and guiding the writing and 
revision of the paper. All authors made significant 
contributions to the final content of this paper and 
agreed to its publication. 
Possible AI usage for manuscript preparation: No 
AI tools were used in the preparation of this 
manuscript. 

  
 

REFERENCES 
 
1. Zhen J, Li J, Liao F, et al. (2024) Development and validation of 

machine learning models for young-onset colorectal cancer risk 
stratification. NPJ Precision Oncology, 8: 239. 

2. Siegel RL, Miller KD, Wagle NS, et al. (2023) Cancer statistics, 2023. 
CA: a Cancer Journal for Clinicians, 73: 17-48. 

3. Lin S, Wei J, Lai H, et al. (2024) Determining the optimal distal 
resection margin in rectal cancer patients by imaging of large 
pathological sections: An experimental study. Medicine 
(Baltimore), 103: e38083. 

4. Tian J, Afebu KO, Bickerdike A, et al. (2023) Fundamentals of Bowel 
Cancer for Biomedical Engineers. Ann Biomed Eng, 51: 679-701. 

5. Huang W, Su D, Liao X, et al. (2023) Prognostic costimulatory 
molecule-related signature risk model correlates with 
immunotherapy response in colon cancer. Sci Rep, 13: 789. 

6. National Health Commission of The People's Republic of China 
(2020) National guidelines for diagnosis and treatment of 
colorectal cancer 2020 in China (English version). Chinese Journal 
of Cancer Research = Chung-kuo yen cheng yen chiu, 32: 415-445. 

7. Zheng Z, Ye D, Wang X, et al. (2022) Effect of partial preservation 
versus complete preservation of Denonvilliers' fascia on 
postoperative urogenital function in male patients with low rectal 
cancer (PREDICTION): protocol of a multicentre, prospective, 
randomised controlled clinical trial. BMJ Open, 12: e055355. 

8. Pallisera-Lloveras A, Planelles-Soler P, Hannaoui N, et al. (2019) 
Dissection of the inferior mesenteric vein versus of the inferior 
mesenteric artery for the genitourinary function after laparoscopic 
approach of rectal cancer surgery: a randomized controlled trial. 
BMC Urology, 19: 75. 

9. Zhang L, Hu C, Zhao J, et al. (2024) The effect of robotic surgery on 
low anterior resection syndrome in patients with lower rectal 
cancer: a propensity score-matched analysis. Surgical Endoscopy, 
38: 1912-1921. 

10. Zhang Q, Wei J, Chen H (2023) Advances in pelvic imaging 
parameters predicting surgical difficulty in rectal cancer. World J 
Surg Oncol, 21: 64. 

11. Dai D, Liu G, Liu H, et al. (2022) Clinical feasibility of the 
therapeutic strategies total neoadjuvant therapy and "watch and 
wait" in the treatment of rectal cancer patients with recurrence 
after clinical complete response. Frontiers in Surgery, 9: 1006624. 

12. Han G, Cui L, Sun C, et al. (2023) Efficacy of mFOLFOX6 plus 
bevacizumab regimen in advanced colorectal cancer after deep 
hyperthermia: a single-center retrospective study. Front Oncol, 13: 
1259713. 

13. Zhao J, Liu X, Wang W, et al. (2019) Concomitant dose escalation 
with image-guided tomotherapy in locally advanced mid-low rectal 
cancer: a single-center study. Cancer Management and Research, 

11: 1579-1586. 
14. Zhu L, Wang M, Chen N, et al. (2022) Mechanisms of microRNA 

action in rectal cancer radiotherapy. Chin Med J (Engl), 135: 2017-
2025. 

15. Mukherjee AG, Wanjari UR, Namachivayam A, et al. (2022) Role of 
immune cells and receptors in cancer treatment: An 
immunotherapeutic approach. Vaccines, 10: 1493. 

16. Lin S, Chen W, Chen Z, et al. (2022) Efficacy of sintilimab and 
fruquintinib combination treatment in the management of 
microsatellite-stable metastatic colorectal cancer: a case report. 
Annals of Translational Medicine, 10: 380. 

17. Cai C, Zhang X, Sun X, et al. (2024) Node-sparing modified short-
course Radiotherapy combined with CAPOX and tislelizumab for 
locally advanced MSS of middle and low rectal cancer (mRCAT): an 
open-label, single-arm, prospective, multicentre clinical trial. BMC 
Cancer, 24: 1247. 

18. Zhou H, Chen Y, Xiao Y, et al. (2022) Evaluation of the ability of 
fatty acid metabolism signature to predict response to neoadjuvant 
chemoradiotherapy and prognosis of patients with locally 
advanced rectal cancer. Frontiers in Immunology, 13: 1050721. 

19. Koukourakis IM, Platoni K, Tiniakos D, et al. (2023) Immune 
response and immune checkpoint molecules in patients with rectal 
cancer undergoing neoadjuvant chemoradiotherapy: A review. 
Current Issues in Molecular Biology, 45: 4495-4517. 

20. Zhao S, Ye Z, Stanton R (2020) Misuse of RPKM or TPM 
normalization when comparing across samples and sequencing 
protocols. RNA (New York, NY), 26: 903-909. 

21. Wilkerson MD and Hayes DN (2010) ConsensusClusterPlus: a class 
discovery tool with confidence assessments and item tracking. 
Bioinformatics (Oxford, England), 26: 1572-1573. 

22. Ritchie ME, Phipson B, Wu D, et al. (2015) limma powers 
differential expression analyses for RNA-sequencing and 
microarray studies. Nucleic Acids Research, 43: e47. 

23. Diao C, Xi Y, Xiao T (2018) Identification and analysis of key genes 
in osteosarcoma using bioinformatics. Oncology Letters, 15: 2789-
2794. 

24. Ranstam J and Cook JA (2017) Kaplan-Meier curve. The British 
Journal of Surgery, 104: 442. 

25. Huang M, Yang Y, Zhu X, et al. (2021) A prospective phase II study 
of raltitrexed combined with S-1 as salvage treatment for patients 
with refractory metastatic colorectal cancer. Asia Pac J Clin Oncol, 
17: 513-521. 

26. Peng Q, Tao J, Xu Y, et al. (2024) Lipid metabolism-associated 
genes serve as potential predictive biomarkers in neoadjuvant 
chemoradiotherapy combined with immunotherapy in rectal 
cancer. Transl Oncol, 39: 101828. 

27. Zhu W, Pan S, Zhang J, et al. (2024) The role of hyperthermia in the 
treatment of tumor. Critical Reviews in Oncology/Hematology, 204: 
104541. 

28. Lhuillier C, Vanpouille-Box C, Galluzzi L, et al. (2018) Emerging 
biomarkers for the combination of radiotherapy and immune 
checkpoint blockers. Semin Cancer Biol, 52: 125-134. 

29. Morris ZS, Wang AZ, Knox SJ (2021) The Radiobiology of 
Radiopharmaceuticals. Seminars in Radiation Oncology, 31: 20-27. 

30. Shen X, Zhang Y, Dong Y, et al. (2024) Identification and validation 
of prognostic models and survival predictions of T cell-inflamed 
related genes in patients with colorectal cancer. International 
Journal of Radiation Research, 22: 595-602. 

31. Hörner-Rieber J, Klüter S, Debus J, et al. (2020) MR-guided 
radiotherapy: The Perfect partner for immunotherapy? Front 
Oncol, 10: 615697. 

32. Zheng H, Guo B, Qiu X, et al. (2022) Polymersome-mediated 
cytosolic delivery of cyclic dinucleotide STING agonist enhances 
tumor immunotherapy. Bioact Mater, 16: 1-11. 

33. Ge W, Yue M, Lin R, et al. (2023) PLA2G2A(+) cancer-associated 
fibroblasts mediate pancreatic cancer immune escape via impeding 
antitumor immune response of CD8(+) cytotoxic T cells. Cancer 
Lett, 558: 216095. 

34. Li F, Yang M, Li Y, et al. (2020) An improved clear cell renal cell 
carcinoma stage prediction model based on gene sets. BMC 
Bioinformatics, 21: 232. 

35. Deng C, Zhong ME, Chen Y, et al. (2023) Proteomic profiling and 
functional characterization of serum-derived extracellular vesicles 
in the mucinous and non-mucinous colon adenocarcinoma. J 
Cancer Res Clin Oncol, 149: 9285-9300. 

36. Sukhadia SS, Tyagi A, Venkataraman V, et al. (2022) ImaGene: a 
web-based software platform for tumor radiogenomic evaluation 
and reporting. Bioinformatics Advances, 2: vbac079. 

37. He HL, Lee YE, Shiue YL, et al. (2015) PLA2G2A overexpression is 

950 Int. J. Radiat. Res., Vol. 23 No. 4, October 2025 

 [
 D

O
I:

 1
0.

61
18

6/
ijr

r.
23

.4
.1

6 
] 

 [
 D

ow
nl

oa
de

d 
fr

om
 m

ai
l.i

jr
r.

co
m

 o
n 

20
26

-0
4-

28
 ]

 

                               6 / 8

http://dx.doi.org/10.61186/ijrr.23.4.16
https://mail.ijrr.com/article-1-6778-en.html


associated with poor therapeutic response and inferior outcome in 
rectal cancer patients receiving neoadjuvant concurrent 
chemoradiotherapy. Histopathology, 66: 991-1002. 

38. Shin JI and Ha SJ (2014) Regulatory T cells-an important target for 
cancer immunotherapy. Nature reviews Clinical Oncology, 11: 307. 

39. Song D and Ding Y (2023) A new target of radiotherapy combined 
with immunotherapy: regulatory T cells. Frontiers in Immunology, 
14: 1330099. 

40. Aliru ML, Schoenhals JE, Venkatesulu BP, et al. (2018) Radiation 
therapy and immunotherapy: what is the optimal timing or 
sequencing? Immunotherapy, 10: 299-316. 

41. Jin W, Zhao J, Yang E, et al. (2022) Neuronal STAT3/HIF-1α/PTRF 
axis-mediated bioenergetic disturbance exacerbates cerebral 
ischemia-reperfusion injury via PLA2G4A. Theranostics, 12: 3196-
3216. 

42. Ayabe T, Hisasue M, Yamada Y, et al. (2022) Characterisation of 
canine CD34+/CD45 diminished cells by colony-forming unit assay 
and transcriptome analysis. Frontiers in Veterinary Science, 9: 
936623. 

43. Zhan Y, Zheng L, Liu J, et al. (2021) PLA2G4A promotes right-sided 
colorectal cancer progression by inducing CD39+γδ Treg 
polarization. JCI Insight, 6(16): e148028. 

44. Nakao Y, Nakagawa S, Yamashita YI, et al. (2021) High ARHGEF2 
(GEF-H1) expression is associated with poor prognosis via cell cycle 
regulation in patients with pancreatic cancer. Ann Surg Oncol, 28: 
4733-4743. 

45. Olsen RS, Andersson RE, Zar N, et al. (2016) Prognostic significance 
of PLA2G4C gene polymorphism in patients with stage II colorectal 
cancer. Acta Oncologica, 55: 474-479. 

46. Menzel N, Fischl W, Hueging K, et al. (2012) MAP-kinase regulated 
cytosolic phospholipase A2 activity is essential for production of 
infectious hepatitis C virus particles. PLoS Pathogens, 8: e1002829. 

47. Takada N, Sugano H, Shirai Y, et al. (2021) Nafamostat mesilate, a 
nuclear factor kappa B inhibitor, enhances the antitumor action of 
radiotherapy on gallbladder cancer cells. PloS One, 16: e0257019. 

48. Zhang J, Xu DL, Liu XB, et al. (2016) Darapladib, a lipoprotein-
associated phospholipase A2 inhibitor, reduces Rho kinase activity 
in atherosclerosis. Yonsei Medical Journal 57, 321-327. 

951 Gao et al. / Radiotherapy and immunotherapy Hub gene in rectal cancer 

 [
 D

O
I:

 1
0.

61
18

6/
ijr

r.
23

.4
.1

6 
] 

 [
 D

ow
nl

oa
de

d 
fr

om
 m

ai
l.i

jr
r.

co
m

 o
n 

20
26

-0
4-

28
 ]

 

                               7 / 8

http://dx.doi.org/10.61186/ijrr.23.4.16
https://mail.ijrr.com/article-1-6778-en.html


 [
 D

O
I:

 1
0.

61
18

6/
ijr

r.
23

.4
.1

6 
] 

 [
 D

ow
nl

oa
de

d 
fr

om
 m

ai
l.i

jr
r.

co
m

 o
n 

20
26

-0
4-

28
 ]

 

Powered by TCPDF (www.tcpdf.org)

                               8 / 8

http://dx.doi.org/10.61186/ijrr.23.4.16
https://mail.ijrr.com/article-1-6778-en.html
http://www.tcpdf.org

